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Discussion on estimation of preference level by neuroimaging
for application of interactive optimization
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In this study, we develop a recommendation system of information or products using brain activity information.
We performed a subjective experiment to examine the estimation method of preference levels from brain activation
by functional Magnetic Resonance Imaging. The accuracy of estimation was not high on a three-point scale.
However, a correlation between the user responses and the estimated preference levels was confirmed. Then, a
simulation experiment of product selection using interactive optimization based on the estimated preference levels
were conducted. In the result, the preference levels of presented contents were increased significantly according to
progress of recommendation. The reason was that the correlations were weak on the three-point scale but strong
on the two-point scale. Therefore, it was suggested that the recommendation based on preference levels based on
brain activation was enabled by combining interactive optimization with binary-scale evaluations which have been

researched previously.
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