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Today it is often required to discover association rules from databases that are located at multiple geographically-
separated areas and belong to different companies or organizations. Accompanying with the distributed association
rule mining has the risk of privacy leakage and the high cost in computation and communication. This research
addresses the subject of mining association rules from multiple autonomous databases efficiently and securely. A
distributed privacy-preserving association rule mining approach is proposed, which is characterized by its high
collusion-resistance ability and low computation and communication cost.
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