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In frequent pattern mining, frequent patterns tend to be numerous so that humans cannot check the output.
It is desirable that small set of high-quality patterns from numeraous frequent patterns are extracted. For such
purposed, displaying closed pattern is widely used because of its good properties; it produces small number of
representative patterns and it can be processed in proportion to the number of closed patterns, not that of frequent
patterns. However, patterns containing many items tend to not be included in closed patterns. Thus one must
reduce the minimum support to obtain patterns with many items. In this paper we proposed a new extraction
method based on ‘meet’ operation. We use the meet operation defined against combination sets, which can be
concidered as a transaction database. The method provides the following two features. (i) the output is always
a subset of closed patterns and patterns containing small items are tend to be excluded. (ii) the processing time

does not depend on the number of frequent patterns.
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