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Fast frequent itemset mining using sampling
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In this paper, we propose an efficient sampling-based method for frequent itemset mining, which is one of the
central tasks in data mining. To date, frequent itemset mining have been successfully applied in various disciplines
such as business and genome analysis. However, a fast and memory efficient method is required because databases
on a broad scale over several terabytes are recently appearing, in which existing methods take too long time to
enumerate frequent itemsets as they cannot even load such databases on the main memory. Our method repeats
sampling of a small part of a given database and does not need to load the entire database. We analytically give the
number of repetition of sampling needed to retrieve frequent itemsets given a true positive rate. Experiments show
that our method is faster than the state-of-the-art frequent itemset mining method on dense benchmark datasets

and can control the desired false negative rate.
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*x1 http://research.nii.ac.jp/~uno/code/lcmb3.zip
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