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Website optimization is widely used to improve the performance of websites by comparing user behavior related
to the different variations of the given website. Although the goal is to find the optimal variation which maximizes
the performance within the given time, the required time varies according to the Key Performance Indicator (KPI)
to optimize. Some KPIs take long time to reflect the effect of the change, which can be the bottleneck of the

optimization speed.

In this paper, we propose alternative KPI design method which makes the optimization

process faster by using the log data. The experiment with an actual website showed that our proposed method
finds the optimal variation in the 16.7% of the time which the baseline method consumes.
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