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To absorb knowledge from the books is very important for child development. Therefore, to recommend books
of suitable readability, we aim to create readability measures from infants to elder children. We have proposed the
method to create readability assessment based on picture books as criterial corpora targeting children of preschool
age. In this paper, we employ textbook corpora as criterial corpora, we show that our proposed method is also
effective for textbooks. In the future, we are planning to combine these readability measures and build a consistent

readability measures from infants to elder children.
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