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Humor Utterance Generation Method for Non-Task-Oriented Dialogue System

BT AT

Shohei Fujikura

NI A

Yoshito Ogawa

b= —-
it Seit
Hideaki Kikuchi

B R N YN R S = 207

Faculty of Human Sciences, Waseda University

In this study, we propose a humor utterance generation method which compatible with dialogue system, to
increase desire of sustainability. Dialogue system retrieves Modifier-Noun pairs from Twitter as knowledge and
attempts to choose the most humorous reply, which derives high incongruity explained by incongruity-resoution
model, using word similarity. We look the differences among individuals by SHQ and MSHS, through evaluation,
and confirmed validity of the method, high-incongruity reply is significantly effective against the low-incongruity
and random reply is significantly effective against the low-incongruity in a limited subjects, SHQ greater than 8

and MSHS under 15.
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