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Open Domain Monologue Generation for Speaking-oriented Dialogue Agent
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This paper presents a monologue generation method for speaking-oriented dialogue agents. To generate a mono-
logue, the method places utterances acquired from twitter in a row. The proposed method determines not only
semantic appropriateness but also unpredictability and humor of utterances. Results of an experiment demonstrate
that our method can generate amusing and semantically appropriate monologues.
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