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When users instruct a robot, the way of using natural language through speech is perhaps easiest method.
Therefore, we propose a method that the robots can understand natural language instruction through speech.

For each kind of instruction, there are a variety of natural language expressions (eg
“head towards the kitchen ” ).

the kitchen ” can also be stated as

., the instruction “go to
Using the proposed method, the robots can

understand natural language instructions in a noisy environment by integrating of action identification based on
a support vector machine (SVM), extraction of nouns (slots) based on a conditional random field (CRF) that
are required for robots to execute the action, co-occurrence relationship between actions and slots and speech
recognition. Experimental results show that our method can achieve higher understanding accuracy in a noisy
environment compared to a baseline method which used only one-best speech recognition result.
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