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Estimating Whether Robot should Respond to Input Sounds in Multi-Party Dialogue
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When a robot interacts with users, it must estimate whether input sounds are the users’ utterances to which it
ought to respond or not. In this study, we present a machine learning-based method to estimate it. The proposed
method uses not only acoustic information but also users’ motions and postures as input features. In addition, it
takes into account users’ behaviors after their utterances. Experimental results showed the proposed method was
significantly more accurate than a baseline method. We found that the users’ behaviors both during utterances

and after utterances are helpful for the estimation.
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