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Effective Satisficing in Game Tree Search
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Monte Carlo tree search methods (especially the UCT algorithm), which are proven effective for game Als, have come into

action for real-time games. In that type of games, it is necessary to quickly find appropriate options under extremely limited

thinking time. For this reason, the use of UCT is not always appropriate because it requires many simulations to perform well.

In this study, we propose a satisficing tree search algorithm that entails searching through available alternatives until an

acceptable criterion is met. Implementing satisficing behavior with only a simple value function, we enhance the performance

of Monte Carlo tree search methods.
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