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Improvement of reinforcement learning with satisficing and online update of its reference value
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As the application range of reinforcement learning becomes broader, improvement of the learning algorithms in
a way different from the past progreses is needed. The algorithms need to take into account both the cognitive,
sensory, and motor limitations in agents and the structure of the environment, as discussed in the theory bounded
rationality. We propose a cognitively inspired, effective satisficing algorithm for reinforcement learning that updates

online the reference (aspiration level) of satisficing.
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