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Modeling the Development of Pretend Play as a Computational Process of Module
Recombination and Learning
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Interaction occured in playing scene is important for child development. Complex interactions that occur in
play scene are important in the development of children. Therefore, the proposal of the model to explain the
child’s behavior in the play scene is significant. In this paper, we focus on the pretend play, and propose a model
to reproduce the development process by the learnable module recombination. We discuss pretend play in the

proposed model, and describe the future challenges.
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