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Similarity between Auther’s Writing Style using Information Tree Kernel
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The information tree kernels proposed here give measures of the syntactic similarity of sentences. For two trees,
they are defined as the total amount of information contained in their common subtrees, where the amount of
information of a common subtree is calculated using the occurrence probability for the subtree. The information
tree kernels and the distances defined by the kernels enable us to capture the syntactic similarities and differences

in Japanese famous 34 authors’ writing styles.
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Tiny English

so : he likes books.

s3 : beautiful weather.
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s1 : I love you.
s4 : good music.
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A — beautiful : 0.5 A — good: 0.5
N—-I:02 N-—=you: 0.2
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N — weather : 0.1 N — music: 0.1
V —>love: 05 V — likes: 0.5
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