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It is often the case that a single person belongs to multiple communities and expresses different opinions by

community.

However, the lack of consistency of his opinions is subject to criticism when they are uncovered.

Recently, opinion formation mainly occurs in online communities instead of real communities and this affects the
opinion formation environment as follows: 1) the inconsistency of opinions is easily disclosed and 2) there are some
people too sensitive to such inconsistency. Our goal is to reveal the dynamics of opinion formation in multiple
communities, considering the dilemma of people between the adaptation to each of communities and the lack of
consistency. We make an agent based model based on multiplex network structures. As a result of simulation, it
is found that probability of disclosure of the lack of consistency could cause opinion formation processes differently

by how agents are sensitive to the lack of consistency.
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