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Consideration of marketing data using the ACO-based pattern mining method
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It is important to understand a pattern of consumer needs correctly and clarify target of goods and service in
marketing. It is considered that consumer action always changes. Then, we focus on the ACO algorithm having
high robustness and adaptability. We analyze the real marketing data by using sequential pattern mining based on
the ACO algorithm. In this paper, the real marketing data is visualized the relation of goods that they are brought
with by consumer.The data was offered by Joint Association Study Group of Management Science.
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