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A Survey and Modeling of Relation between Hippocampal-Entorhinal System and Mobile Robot
Navigation
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We compare the current knowledge of spatial information processing around the hippocampal-entorhinal system
and some models that are used for implementing self-localization or SLAM (simultaneous localization and mapping)
algorithms. This comparison explains information flow in the brain and suggests a novel SLAM archtecture for

robots.
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1: Proposed Model of Hippocampal-Entorhinal System
(z: observation info., u: motion info., s: shape info. of envi-
ronment, A: calculated displacement, X: a local coordinate
system, &: an estimated pose)
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