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Adaptive Selection of Evolutionary Algorithms by Increasing and Decreasing Population Size

ENWN ]

Daiki Tsuchiya

R Bl

Tomoharu Nagao

SN PN e

Graduate School of Environment and Information Sciences, Yokohama National University

Many evolutionary algorithms for real parameter optimization have been developed in recent years.

These

methods often have certain search characteristics, and therefore, the effectiveness of each method depends on
characteristics of an objective function. In this report, we propose a framework to adaptively select evolutionary
algorithms during evolutionary search process. By increasing or decreasing population sizes of each method accord-
ing to the contribution to optimization, effective methods are used spontaneously for searching intensively in this
framework. We show the proposed framework is able to select effective methods on a set of benchmark problems.
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