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Similality Search Acceleration Considering Query Distribution
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We address a similarity search problem which utilizes a query distribution prepared according to user preference.
We deal with this problem as a range query problem, and solve it by a pivot-based approach. In order to improve the
search efficiency, we formalize the problem, using a newly introduced pivot generation scheme. In our experimental
evaluation using a news article database, we confirmed that our method reasonably improved the search efficiency,
and found that the level of improvement significantly varied depending on the genres of the query distributions.
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