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Conversion Prediction in Large-Scale Reward Advertising System
Based on User Access History and Properties of Ads
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Serving ads that are relevant to user interests, or “re-marketing”, usually helps to improve the conversion rate of
Internet Advertising systems. User interests are often extracted from user behaviors in the past, such as browsing
history. In this research, we propose a conversion prediction method to find out ads that are relevant to a user
for re-marketing. The proposed method combines a recommendation algorithm to recommend appropriate ads
to users and a classification algorithm to reveal the ads that are likely to become a conversion. We apply the
proposed method to a real-world reward advertising system and show that the method can significantly improve

the conversion rate.
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