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Information propagation and its prevention in SNS environment
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As popularization of SNS, unwelcoming events often occur such as flaming or slander due to the speed of
information propagation on the SNS; nagative information is rapidly spreaded in the whole networks. Such serious
situations influence not only to individuals but also companies; it is important to prevent such situation in the
viewpoint of the reputation management of companies. This study aims at building a method to prevent negative
information spread in the SNS. As the first stage, this paper describes the results of analyzing a real flaming case
and discusses the relation with the network structure by using agent-based simulation results.
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