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Anomaly Detection for Video Surveillance using a Network Memorizes Normal States
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We humans are quickly able to detect anomaly in a visual scene without prior knowledge. We consider that
humans are adaptively able to memorize normality of a given environment, which enables humans to detect anomaly.
This ability seems to be useful for video processing systems like anomaly detection from surveillance cameras.
This report proposes a network model that memorizes normality of a given environment. This network model
is constructed by repeatedly observing image sequences. The proposed model is applied to intrusion detection

problems including cars and pedestrians, and shows how proposed model deals with these tasks.
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