The 29th Annual Conference of the Japanese Society for Artificial Intelligence, 2015

2F5-0S-01b-3

ERAX Y FT— ?@%ﬁt%ﬂﬂg~y74:yﬁmié
A O FEA AL

A trial for grounding evocation in existing onto-lexical resources
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This paper presents an on-going effort for grounding evocation (human-generated ratings of semantic associa-
tion) in existing onto-lexical resources. Some preliminary results obtained through the application of a sequential
pattern mining algorithm on semantic paths recovered from an onto-lexical resource (EDR concept dictionary) are
presented, which may insist there might exist some prominent patterns of concept chaining. This paper also poses
an infrastructural issue for enabling the combined exploitation of multiple semantic resources.
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