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Topic Management in Dialogue with Object-oriented Action Recognition
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This paper proposes a method of probabilistic topic management for dialogue in conjunction with object-oriented
action recognition. In the method, a probabilistic semantic network ACTNET is learned to infer object and action
labels from their visual appearance and a probabilistic topic network is learned to manage dialogue context according
to the object and action labels. Through experiments using 3D videos and a web-scraped corpus, it is shown that
the method works in dialogue to select sentences on topics in accord with object-oriented action recognition.
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