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Natural Language Generation based on Probabilistic Context-free Grammar
using Monte Carlo Tree Search

ooooo* Oooooo* Oooooo* oooo*® Oooooooooooo+
Kaori Kumagai Daichi Mochihashi Ichiro Kobayashi Hideki Asoh Muhammad Attamimi

oooog

Tomoaki Nakamura

10000000

oooo
Takayuki Nagai

“0o00oooo

Ochanomizu University The Institute of Statistical Mathematics
“000000000 “000000
National Institute of Advanced Insustrial Science And Technology The University of Electro-Communications

In recent years, many studies to generate sentences which describe non-verbal information have been reported. In
the studies, it is a big problem to generate syntactically correct sentences which well describe observed phenomena.
At this point, in this article we introduce Monte-Carlo Tree Search (MCTS) to sentence generation. We employ
Probabilistic Context-Free Grammar(PCFG) as syntactic rules and run the search as the process of unfolding the
syntactic tree structure by applying the rules. We have conducted a series of experiments to generate a highly
probable sentence, and an experiment on investigating good settings for MCTS to generate a sentence. Through

the experiments, we have shown the feasibility of our proposed method.
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