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Phrase-based patterns are recognized as useful features in recent studies in text categorization and sentiment
analysis. In this paper, we propose a new method to generate phrase patterns by extending a polynomial time
conventionally studied in regular patterns in formal language. The paper also reports results of extrinsic evaluation
where the extracted phrase patterns are used as features in a traditional text categorization task. It is shown that
higher micro Fi score is obtained by the pattern-based features comparing with n-gram-based features.
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