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A Method of Generating Web Search Snippets Using Sentiment Polarity based on Paragraph Vector
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Although the sentiment polarity is important for understanding public reputations, conventional web search
snippets do not include the sentiment polarity. Hence, we implemented a system for generating web search snippets
consisting of sentiment polarities. Our method is based on Paragraph Vector and logistic regression. Moreover, we

evaluated the accuracy of our method using a corpus.
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Algorithm 1 Make Snippets
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. 8 « DescendingS ort(s, Eq.1)
. P98 8" « filter(s, P(vs) = 1), filter(s, P(vs) = —1)
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Output: top three sentences by another
else
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. end if
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