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Extracting topic from texts with unsupervised clustering.
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There are several kinds of methods to extract topic from text data. However, different kinds of topic are demanded
depending on a situation. Some people want to know abstract topic, which is frequently mentioned in the text data, while
other people want to know more concrete topic which is not so much mentioned in the text data. Generally, the resolution of
topic is adjusted by clustering parameters, but it doesn’t fit well with the resolution referred above. We adapted two other
parameters, which are the upper limit of the number of the nodes and the threshold of jaccard index, to test how these

parameters affect the topic.
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