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natural sentence sampling method using integration of n-gram model, topic model and
dependency parsing
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In this paper, we propose a method that generates natural sentence as a reply to a given input sentence. For
replying natural sentence, we need to consider two important points: syntactic structure is correct and its topic is
same as input sentence. Our propose method considers that (1) word transition, (2) topics of input sentence, (3)
syntactic structure. (1) and (3) are related to grammar, simultaneously by using n-gram model and dependency
parsing. For realizing (2), we use latent Dirichlet allocation which allows a computer agent estimating latent topics
in given input data on the basis of training data given to the system previously. In the evaluation experiment, our
system made a reply sentence by 4 different methods including our proposal method. Through the experiment, we
showed that system could generate sentences related to topics of input sentence and having more natural structure
than other methods.
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