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Dialogue consists response part and led part. For the agent to learn how natural mixed initiative interaction,
it is necessary to estimate the response unit-driven unit. In this study, it is possible to apply the unsupervised
morphological analysis technology, to estimate the break of the response part and led part in the speech. Assuming
the dependence on the response part, led unit, by utilizing their bigram Through the Gibbs sampling, to estimate

the correct cut.
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