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Dynamics estimation of the emotional change
based on the time series analyzing by using nonparametric bayesian model
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Emotion one of the important elements for many cognitive functions(e.g. decision making and communication
etc.). Emotional states are influenced by behavioral and physiological changes of one’s body and are expressed by
same channels. They change dynamically and complexly by environmental changes.

The purpose of this study was to propose computational models which are able to estimate the dynamics of
emotional changes. We focused on thime series physiological indexes such as heart rate variability, respiration rate,
and so on. A sticy hierarchical Diriclet process hidden Markov model which is a type of nonparametric Bayesian
model was applied to address the above issue. This paper first presents an experimental method and proposed
model, and then reports experimental result of the dynamics estimation of emotional changes in recalling the

emotional states from a past experience.
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