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Word Acquisition from Speech by Simultaneous Estimation of
Self-Location and Vocabulary on a Real Robot
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‘We have proposed a method which enables a robot to acquire words related to places from self-locations and
uttered sentences. In previous experiments, in contrast with that uttered sentences were real speech data experi-
ments using a mobile robot were performed in a simulator environment. In this paper, we perform an experiment
about lexical acquisition using a real robot. The experimental result showed that our proposed method enables a
robot to obtain words related to places appropriately even in the real environment.
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