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We propose an automatic analyzer for acquiring a time-span tree based on the generative theory of tonal music (GTTM).
Although analyzer based on GTTM was previously proposed, it requires manually tweaking the 46 adjustable parameters on
a computer screen in order to analyze them properly. We re-formalized the time-span reduction in GTTM based on a
statistical model called probabilistic context-free grammar, which enables us to acquire the most probabilistic time-span tree.
We applied leave-one-out cross validation using three hundred sets training data, which revealed that our analyzer

outperformed the previous one.
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