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Development of Geographic Information Resources toward Information Infrastructure for
Disaster Management
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We are planning to develop information infrastructures for disaster management. As an example of those infras-
tructures, we develop a geographic information resource to assist digital volunteers who try to develop systems for
disaster management. This system makes it possible to convert gps information and location name extracted from
social media posts into administrative district information. Extraction of administrative district information is
important for disaster management because support activities and rescue operations are performed by the admin-
istrative section in the case of disaster situation. Additionally, we share information about our systems, resources

on our website http://bit.ly /chidri_api .
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