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Classification of Information in Disaster by SoftClustering
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During a disaster, appropriate information must be collected. For example, survivors require information about

shelter locations. Rescuers need information about donating

money. However, collecting such localized information

is difficult from mass media because they generally provide information for the general public. On the other hand,
social media can attract more attention than mass media under these circumstances since they can provide such
localized information. There are a lot of tweets, so classification of tweets is necessary. Some tweets have more
than two topics. For example, a tweet about volunteer is important for victims and rescuers, thus, it is required
to classify such kind of information into two classes at the same time. In this paper, we classified tweets posted in
disaster. We linked tweets based on retweets to make a retweet network and applied network-soft clustering to the
network in order to classify tweets to more than one cluster.
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