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Analysis and Visualization of Topic Series Using Tweets in Great East Japan Earthquake
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Twitter is an important method to observe real-world movements or events in real-time. However, it is very
difficult to understand discussion topics and their transition continuously on Twitter. There are some researches
to discover topic transition by using a generative topic model such as latent Dirichlet allocation (LDA) or dynamic
topic model (DTM). For very large dataset of Twitter, a adequate number of topics is also big and users cannot
understand them well. In this paper, we propose a method to extract topic sequences from tweets by using PLDA
and cosine similarity and visualize a part of topic sequences after filtering and ranking dynamically. Futhermore,
we apply the method to tweet archive in the Great East Japan Earthquake and show that proposed method is

suitable for grasping discussion topics.
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