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Extraction of Waggle Dance Trajectories Using A Simultaneous Tracking Algorithm
for Multiple Honeybees
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Analyzing communications performed by honeybee workers in their hive is one of the most important issues to reveal a
mechanism of honeybee’s language, but these analyses have been usually conducted by observing long-time video data and
extracting honeybee’s walking trajectories manually. For a systematic and theoretical analysis of honeybee's communication,
we developed an automatic tracking system of multiple honeybees based on image recognition. In this paper, we show
experimental results of tracking honeybees and extracting waggle dances from tracking data.
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