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Community Vector: Community Prediction with Distributed Representations on Social Media
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As the proverb ‘birds of a feather flock together’ indicates, do users in the same community tend to talk in
the similar manner on social media? To answer this question, we extract communities from a conversational
graph of Twitter, and conduct a task of predicting a user’s community from her/his tweets. We also compare
distributed representations and a bag-of-words model to see how they can deal with colloquial language. We use
top 38 communities, and sampled 10,000 users from each community. We use 9,000 users per a community for
training, 1,000 users for test. The Community Vector model, where users’ tweets are embedded in distributed
representations together with community information, can predict correct communities with an accuracy of 26.6%.
The model outperforms simple bag-of-words model with TF-IDF, whose accuracy is 19.0%.
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