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A Study of Reward Design Problem of Multiagent Domain via Inverse Reinforcement Learning in
Multiagent’s Environment
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We focus on the designing reward of multiagent reinforcement learning problem to make autonomous agents
act desirable. We take the problem, which is known as Sokoban, warehouse management problem. The previous
studies, which take Sokoban in the multiagent reinforcement learning context, don’t always achieve the optimal
policy for a volume of empirical knowledge to share the reward among the agents. In this paper, we propose the
method applying Inverse reinforcement learning (IRL), which is a framework to estimate a reward function from
state transition trajectories of the expert. We show potential of this method to achieve the optimal or desired
cooperative behavior of the agents’ through some empirical results.
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