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Proposing user modeling method using text data.
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At web sites, such as Amazon, there are so many reviews. The text data such as review or business records
for attributes and preferences, such as age and gender are reflected, it can be regarded as an important source of
information. In order to analyze of such a review, we using probabilistic latent semantic structure analysis. The
analysis for 82 users of who posted the 653 movie, and result to classify people and word.
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