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Solving Entrance Examination of English
based on Surface Similarity and Automatically Recognized Textual Entailment Relations
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This paper proposes a method of solving English examination problems in the National Center Test for University
Admission. We focus on so-called long text questions, where applicants are requested to read a text of 600-800 word
length and to select an appropriate answer option from four alternative English sentences or phrases. The proposed
method chooses the best ranked option by using ranking svm (support vector machine) trained with two kinds of
features: surface similarity and strength of entailment relation between an option and the text. The former kind of
features are simply calculated by counting overlapping words and the latter are obtained from TIFMO, an textual

entailment recognition program. The proposed method achieved 42% correct rate.
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RI#EC: According to paragraph (3), the Mbuti Pyg-
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@ disciplined careless hunters through dance

(® handed down customs and traditions through dance

(® made lazy members dance after a day’s hunt

@ performed culturally desirable behavior by dance
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[ 3C: What first attracted Beth to the study of

sleep?
HEPURE

@ A book on sleep which she got as a gift.
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A book on sleep which Beth got as a gift first
attracted her to the study of sleep.
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RIREX:Why did Valerie and Grandpa laugh?

IR Valerie had not finished her preparation.

{REE 7T+ A M :Why did Valerie and Grandpa laugh? Valerie
had not finished her preparation.
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FIRE3:Why did Valerie and Grandpa laugh?
EIRE%: Valerie had not finished her preparation.

{REET# R b :Valerie had not finished her preparation.
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3EIREE : Valerie had not finished her preparation.
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fEIRE3:What did Kevin do to help Tommy?
3EIREE:He taught him how to become a good dancer.
{REE7TF A b : Kevin taught Tommy how to become a good
dancer.
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