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Condition for the selected topics in Constrained Independent Semantic Analysis (CISA)
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Recently, we have proposed the Constrained Independent Semantic Analysis (CISA). This method re-generated
the topics filled with user constraints after generating the topics by using Independent Semantic Analysis (ISA).
Generally ISA and CISA are applied to unknown data, so it is difficult that the user selects the adequate constraints.
In this paper, we proposed the selection method of adequate user constraints for generating the topics with higher
independence. And the proposed method can decide on a lower bound of the number of topics. In our experiments,
we applied the CISA with the proposed selection method to Web corpus. The experiments show that the topics
generated by using CISA with the proposed selection method have higher independence than the topics generated
by using ISA. And the results of the experiments show that the proposed selection method is useful for generating

adequately independent topics.
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2.1 ISA: Independent Semantic Analysis
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