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Disease-Dependent Mortality Prediction in ICU by Multi-Task Learning
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We integrate disease-specific contexts into mortality modeling by formulating the mortality prediction problem as
a multi-task learning problem in which a task corresponds to a disease. Our method effectively incorporates medical
domain knowledge relating to the similarity among diseases and the similarity among Electronic Health Records
into a data-driven approach by incorporating graph Laplacians into the regularization term. The experimental
results on a real dataset from a hospital support the effectiveness of our proposed method by outperforming several
baselines, including logistic regression without multi-task learning and several multi-task learning methods without
the domain knowledge. Besides, we illustrate an interesting result pertaining to disease-specific predictive features,
suggesting a hypothesis that could be validated by further investigations in the medical domain.
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