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Modeling and Factor Analysis of Human Mobility Tendency between Areas Using
Spatio-temporal Data of Twitter
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It is necessary to analyze spatial interactions between cities for evaluating cities’ sustainability. On the other
hand, today we can more easily collect fine-grained spatio-temporal data generated through social media and mobile
phones than before. In this research, we propose a method that enables us to see cities’ attractiveness and how
much distance between two cities affect the number of mobility. Using Twitter data with geotag, we tried to extract
people’s infrequent traveling from Twitter data, and we calculate cities’ attractiveness and the influence of distance

by multiple regression analysis.
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