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Predicting Road Openings from Construction Data by Supervised Machine Learning
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Road maps and road navigation data require to be updated as soon as new road is available. Information on road openings
of all road administrators should be collected to reflect the changes in the maps, though it is not arranged. This paper supplies
experimental results of predicting location and time of road openings from construction data by supervised machine learning.
Variables created by methods of construction in a period predicted road openings per location. Some of the True Positive
Rate by machine learning showed over 70% even for unknown test data, but the result was unstable compared to prediction

by the numbers of construction contracts.
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