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Spatio-Temporal Scoring Method for Large-Scale and Heterogeneous Data Search System
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Publishing data to open access repositories has been a global trend in many fields such as governments and
science. However it is difficult to use open data together from different domains because these open data is now
managed individually and it is difficult to search datasets over domains. For solving this problem, we propose novel
open data search system, named Cross-DB Search System. This system takes combination of the spatial, temporal,
and text information as input query, and searches open data through several domains. To find more related open
data, Cross-DB Search System uses query expansion named Spatial/Temporal/Text Pseudo Relevance Feedback
(ST-PTRF). This method expands spatial, temporal, and text information of the search query using initial search
result based on the similarity of the datasets. In this paper we discuss about the efficient definition of the similarity
of the datasets and spatio-temporal scoring method based on the similarity.
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