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Customer cancellation of a contract prediction using agent model simulation
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Understanding the tendency of customers that perform cancellation of products , Companies is a challenge for transferring
management strategy from customer acquisition to customer retention. The result by the machine learning method that the
customer cancellation of a contract varies to predict it is reported, and these prediction methods are effective for
estrangement predictive analysis. However, the result of the machine learning is not necessarily applied by decision about the
customer cancellation of a contract, and the result of the machine learning only leads the decision making that does not know
the ideal time when you should carry out a strategy. It is thought that dynamic simulation based on the social structure is
necessary on a customer maintenance process that an experiment to aim at the improvement of the prediction precision by
putting an agent base model together as well as machine learning is performed and performs effective decision making.
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