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Markowitz Portfolio Selection with Change-point Detection and Sparse Estimation
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In recent years, a portfolio selection based on sparse markowitz model has been studied extensively, and generally
it is assumed that the length of the learning period and testing period are fixed. However, dynamics of a market
is often changed in learning process or test process, and we can’t get supposed results in this case. In this paper,
we propose a sparse markowitz portfolio selection with change-point detection to consider changing of dynamics of
a market. Additionally, we also use clusters of the past data to overcome the weakness of the method we propose.
We show some empirical examples, where the proposed portfolio selections are compared with the conventional one

by using TOPIX500 data.
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