The 28th Annual Conference of the Japanese Society for Artificial Intelligence, 201/

114-OS-09a-2

RHIETE BRI DG NS — 0 OHEETE

Estimating Regular Patterns of life in Group Living Environment
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We propose a new method for human activity recognition in our everyday life. In particular, we focused on the
activity of people in group living environment such as office or laboratory. Monitoring the people and when each
individual entered or left a room, we estimate patterns of what time period they are in the room or away. We
considered such pattern as latent event by which people’s schedules of daytime are determined. In group living
situation, those latent events can be shared among multiple persons. For example, some of them participate a same
regular meeting. We developed an unsupervised learning method to extract such patterns from the collection of
enter/leave data, which is based on Bayesian nonparametrics. In particular, we modeled the schedule of activity by
the beta-Bernoulli process based sparse activation of latent events and the noisy-or observation model. Experimental
results show that our method can estimate the time period of each latent event behind our everyday activity, along

with the number of them.
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