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Predicting Citations to Detect Emerging Technologies using Academic Papers
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In this research, we aim to develop a method for predicting citations to detect emerging technology using
academic papers. We assume the emerging research field grows off a highly and rapidly cited paper, which we call
the “emerging paper”. Our goal is to find such emerging paper in advance using a machine learning approach. We
first extract a citation network of academic papers from a bibliographic database and then apply a clustering to the
citation network to identify the research field as a cluster. Based on the citation network and its clusters, we design
several features to predict citations. We conduct an experiment using the large amount of bibliographic data. Our
preliminary result shows that our approach can predict the emerging paper in terms of increase of citations with

F-value of 0.7-0.8.
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